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Methods
After collecting data from both open source and private datasets we derive pap smear rates and cervical cancer mortality rates .
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Visualizations

Using our dashboard is easy! There are 4 steps: locate - filter = explain - act. Let’s say you wanted to
plan a cervical cancer screening event but did not know where to start. We can go step by step to
interact with the dashboard and filter on the desired output.
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Figure 7. Spatial patterns of risk scores at the U.S. county level and social indicators.
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Conclusions

Our framework is designed to overcome the limitations of traditional equity models by making health access measurements predictive, actionable , and easy to use. Traditional
frameworks often stop at identifying disparities, providing a snapshot of historical trends without offering guidance on subsequent actions. Our approach moves beyond description to
prediction. By incorporating machine learning techniques, we predict risk in regions where it has not been reported using validated datasets, thereby extending risk characterization
across the country. This predictive capability enables organizations to prioritize interventions proactively, ensuring resources are deployed where they will have the greatest
impact. Health access challenges rarely stem from a single factor; they emerge from a complex interplay of clinical, social, and geographic determinants. To capture this complexity, our
framework integrates Electronic health records (EHR), claims data, national surveys, social determinants of health (SDOH) and geospatial information.

By combining these data sources, we enable precise targeting of interventions and outreach programs, reducing the likelihood of overlooking vulnerable populations. With integrated
use of this tool, we may be able to view how our efforts to promote cervical cancer screenings and pap smear procedures and awareness contribute to a decline in cervical cancer
mortality.
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